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Problem and Motivation

A comparison of classification of the SVM and Neural Networks adapting datasets of four different kinds: spirometric test results, prediction of survival in ovarian cancer,
IRIS flower recognition and segmentation of crucial objects from the background.

Classification of spirometric test results

Joanna GRABSKA-CHRZASTOWSKA, Wiestaw LIBUSZOWSKI, Waldemar Tomalak, "Input parameters influence on
results classification of respiratory system diagnosy with neural network"
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USG image containing human liver with a kidney (on the left) [8], and the segmented regions.
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IRIS Flower Problem
In this problem both methods proved to be equal, both reaching 98.6% proper classification
with just two flowers misclassified.

Prediction of survival in ovarian cancer

Joanna GRABSKA-CHRZASTOWSKA, Jan Kulpa, Urszula Rychlik, "Neural network implementation to survival prediction

in ovarian carcinoma"
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Conclusions

The quality of classification for three of the four methods firmly promotes neural networks. The differences for the two first methods are not very big (2%-3%),
but for the wide problem of segmentation the difference reaches almost 12%. No advantages of the SVM methods like: a short time of calculations,
independence from the size of the problem or not falling into local minima can compensate for such a defeat. Summing up, one must clearly state that having
such a strong tool like neural networks there is no sense promoting the methods based on a very similar ground but less developed and behaving unstably as
well.




